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Figure 2: An overall architecture of our proposed model.
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Figure 2: Overview of our model (CEM).
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Figure 2: Ilustration of COSMIC framework. CSK: Commonsense knowledge from COMET. In practice we use
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we take the pretrained COMET model on ATOMIC knowl-
edge graph and discard the phrase generating de-
coder module. We treat utterance U as the subject
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Figure 2: Illustration of COSMIC framework. CSK: Commonsense knowledge from COMET. In practice we use
Bidirectional GRU cells. However, for clarity unidirectional cells are shown in the sketch.
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(a) Topic-driven fine-tuning of a pre-trained LM.
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tuned language model. We use COMET to generate
the K most likely events, each with respect to the
three event relation types. The produced events are

denoted as {g*/ k,gnk,gnk} EL=1,...,K.
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Here, we abuse c¢,, to represent the aggregated
knowledge phrases. We further aggregate ¢,, by
event relation types using a self-attention and the
final event representation is denoted as c,.
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Figure 2: The framework of our model. The utterances are encoded by the utterance-level encoder to produce
the utterance representations and the edge representations. The conversation-level encoder processes the SKAIG
whose window size is 1. Finally, the classifier predicts the emotion for every utterance. Especially, edges and their
representations with different relations are in different colors.
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